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Opinion Mining of Online Consumer Reviews, challenge & 

techniques 

 
 ABSTRACT 
The paper addresses a conclusion mining issue how to locate the supportive surveys from online 

purchaser audits by means of the nature of the substance. Since there are an abundance of 

reviews, profitably recognizing the obliging ones earlier can advantage both customers and 

associations. Shoppers can read just the accommodating assessments from supportive surveys 

before they buy an item, while organizations can obtain the genuine reasons an item is loved or 

abhorred. A system is manufactured to assess the inconvenience of the issue. The test outcomes 

exhibit that obliging reviews can be perceived from unhelpful ones with high precision. 

 

KEYWORDS:-opinion mining ,survey, sentiment analysis. 

 

INTRODUCTION 
Online buyer/client audit is an essential data hotspot for some potential customers to choose 

whether to purchase an item or not. In 2015 demonstrates that, the stood out from a master thing 

review, "the client thing overview in the web shopping environment will be seen by buyers to be 

more reliable." This makes supposition mining of purchaser surveys additionally intriguing since 

it demonstrates that conclusions from different customers are more refreshing than those from 

specialists. All things considered, a few audits are not exceptionally accommodating, as should 

be obvious from the voting results on every customer survey from per users on Amazon.com, 

flipkart This paper will address an assessment mining issue  how to locate the supportive surveys 

from online buyers' surveys before mining the data from them. This undertaking can advantage 

both shoppers and organizations. Customers can read the sentiments from helpful audits before 

they buy an item, while organizations can obtain the genuine reasons an item is enjoyed or 

loathed. Both spare time from perusing insignificant suppositions that don't indicate great 

reasons. 

 Figure  demonstrates a clasp picture of an Amazon.com client survey. 

Every survey has been named with stars by the creator and individuals who discovered the audit 

supportive and has been marked with the quantity of aggregate votes. A three-class arrangement 

issue is characterized to model this application. A framework is intended to locate the 

accommodating positive surveys for discovering great motivations to purchase an item to locate 

the supportive negative audits for discovering reasons not to purchase an item and to channel out 

the unhelpful audits, regardless of whether they are sure or negative. 
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WORK RELATED 

Supposition mining concentrated on discovering the definite data of an item from survey. This 

methodology is a sort of data extraction. Late research has concentrated on evaluating the survey 

quality before mining the assessment. Kim et al. (2013) investigated the utilization of some 

semantic highlights for audit accommodation positioning. They found that some essential 

highlights of a survey, including length, unigrams, and stars, may give the premise to evaluating 

the support of audits. Siersdorfer et al. (2010) introduced a framework that could consequently 

structure and channel remarks for YouTube features by investigating conditions between 

remarks, perspectives, remark evaluations, and theme classes. Their system utilized the Senti 

Word Net thesaurus, a lexical Word Net based asset containing opinion annotations. Moghaddam 

et al. (2011) proposed the Matrix Factorization Model and Tensor Factorization Model to 

anticipate of the nature of online surveys, and they assessed the models on a genuine database 

from Epinions.com. Lu (2010) misused logical data about creators' personalities and informal 

communities to enhance survey quality expectation. Lu's technique gave a nonexclusive structure 

to join social setting data by adding regularization requirements to the content based indicator. 

Xiong and Litman (2011) examined the utility of joining particular highlights customized to 

companion audit supportiveness. They found that auxiliary highlights, audit unigrams, and meta-

information blend were valuable in displaying the accommodation of both associate audits and 

item surveys.There are various methods used for opinion mining and sentiment analysis among 

which following are the important ones:- 

� Naïve Bays Classifier.  

� Support Vector Machine (SVM).  

� Multilayer Perceptron. 

� Clustering. 

TOOLS USED IN OPINION MINING 

� The tools which are used to track the opinion or polarity from the user generated contents 

are:  

� Review Seer tool –> This tool is used to automates the work done by aggregation sites. 

The Naive Bayes classifier approach is used to collect positive and negative opinions for 

assigning a score to the extracted feature terms.   

� Web Fountain -> It uses the beginning definite Base Noun Phrase heuristic approach for 

extracting the product features.   

� Red Opal –> It is a tool that enables the users to determine the opinion orientations of 

products based on their features. It  assign the scores to each product based on features 

extracted from the customer reviews’   

� Opinion observer->This is an opinion mining system for analyzing and comparing 

opinions on the Internet using user generated contents. This system shows the results in a 

graph format showing opinion of the product feature by feature.   
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CLASSIFICATION FEATURES  

 Observation 

Perception is important to discover highlights for the accommodating/unhelpful grouping. 

Connors et al. (2011) gave a rundown of normal thoughts identified with accommodation and 

unhelpfulness, indicated in Table 1, which was gathered from 40 understudies, with every 

understudy perusing 20 online audits about a solitary item and giving remarks on the surveys. 

The study gave 15 reasons individuals think a purchaser survey is useful and 10 reasons why it is 

unhelpful. These thoughts can be considered as highlights for a classifier. By the by, some of 

them are hard to execute and oblige clear definition. Case in point, mining near sentences from 

content requires impressive information of the dialect. 

Table no.1 

Helpfulness Timed mentioned 

Product uses information 30 

Details 20 

Good writing style 10 

Background knowledge of product 11 

Personal Information about Reviewer 11 

Comparisons 9 

Layman’s Term 10 

Concisence 8 

Lengthy 7 

Use of Rating 8 

Authencity 6 

Honesty 7 

Miscellaneous 5 

Unbiased 4 

Accuracy 4 

Relevancy 3 

Thoroughness 4 

Unhelpfulness Time mentioned 

Overly Emotion/Biased 25 

Lack of information 15 

Irrelevant comments 8 

Not enough detail 7 

Poor writing style 2 

Using technical Language 6 

Low credibility 5 

Problem with quantitative rating 6 

Too much detail 6 
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DATA COLLECTION 

In order to test the idea, we collected online customer reviews manually from Amazon.com in 

March and April 2013. The reviews were from eight different product domains: Book, Digital 

Camera, Computer, Food & Drink, Movie, Shoes, Toys, and Cell phone. Without any special 

selection criterion in each domain, we collected the first available 1000+ reviews with an equal 

number of reviews of one to five stars. The average length was 80.63 words. 
The summary of our data collection of  8 classifications and 890 reviews. Table no.2 

Product Reviews Total reviews Average length s.d 

Book 1.065 93.497 87.79 1.8 

Computer 1.028 93.404 90.85 2.7 

Digital camera 1.067 83.708 78.45 2.1 

Foods & Drink 1.025 71.027 69.29 1.7 

Movies 1.097 94.037 88.13 2.5 

Shoes 1.000 75.237 75.23 1.6 

Toys 1.110 85.196 77.45 1.7 

Smart phone 1.308 101.957 77.88 2.0 

Total average 8.400 884.964 80.63 2.02 

 

The helpfulness score is given by the readers. the reviewer labeled the number of stars and other 

users voted the review as helpful or unhelpful. We take the confidence in being helpful as an 

index to sort the reviews.  

 

SYSTEM ARCHITECTURE DESIGN 

 

 

 

 

 

 

 

 

 

 

 

EXPERIMENTS 

The goal of the experiment is to test the filter accuracy of the three-class classification problem 

with different thresholds. We use the libSVM1 toolkit to build the classifier, based on the 

features described in Table 1. 

 

 EXPERIMENTAL DESIGN 

We divide the data into a training set and test set, consisting of 2465 reviews and 1,000 reviews, 

respectively. The class distribution of the test data are balanced to one third for each class. The 

different thresholds tested in our experiment are 1.039, 1.5, and 2.0. The first threshold is the 

average confidence score in Table 4, which filters out 56.1% of the reviews as unhelpful. The 

numbers of useful (both positive and negative) reviews of each product domain to the three 

thresholds are listed in Tables 1, 3 and 4. 

User comment 

preprocessing Feature exaction Classifier 

Positive  Negative 
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Table no 3 Number of reviews over all 

Product Reviews 

Movies 512 

Computer 532 

Book 522 

Toys 318 

Smart phone 571 

Total Reviews  2465 

  

 

                Table no 4.the size of three classes  

Classes  Reviews % 

Useful positive 2,712 31% 

 Useful negative 1,100 12.7% 

Not useful 4,878 56.1% 

Total 8,690  

 

CHALLENGES 

1. Product surveys, remarks and criticism could be in diverse dialects (English, Urdu, 

Arabic, French, any local and so on) accordingly to handle every dialect as per its 

introduction is a testing undertaking.  

2. As thing words are considered as highlight words however Verbs and modifiers can 

likewise be utilized as highlight words which are hard to recognize.  

3. If a client One remarks on cell telephone. The voice quality is best and consumer Two 

remark. Noise nature of telephone is great. All are discussing equal features however 

with characteristic wording. To gathering the equivalent words is also a testing task.  

4. Orientation of sentiment words could be diverse as indicated by circumstance. For 

instance Camera size of cellular telephone is little. Here modifier little utilized as a part 

of positive sense yet in the event that client parallel said that the battery time is also 

small. Here insufficient speak to negative introduction to battery of telephone. To 

recognize the extremity of same descriptive word words in diverse circumstance is 

likewise a testing assignment.  

5. As the client/consumer remark in free managements she can utilize abbreviate short 

words, and roman dialect in audits. For instance u for you, cam for camera, pic for 

picture, f9 for fine,b4, anytime recently, gud for good and so on. To manage such sort of 

dialect need a considerable measure of work  to mine sentiment.  

6. Different individuals have distinctive composition style equal sentence may contain 

positive and  negative conclusion, so it is hard to parse sentence as positive or negative 

whether  there should be an occurrence of sentence level estimate mining .To find out the 

spit and bogus surveys necessarily through the Identity proof of copies.  

7. The correlation of subjective with synopsis audits and the recognition of exceptions and 

the notoriety of the commentator.  

8. The mix of supposition with conduct to approve information and give further         

examination into the information in front of conclusion communicated.  

9. The consistent requirement for better ease of use and ease of use of the mining 

frameworks. 
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CONCLUSION 

The paper reports how a framework can discover accommodating online surveys, and the 

framework is tried on a three-class characterization issue. The edge of accommodating/unhelpful 

surveys can be chosen by measure of information that the clients need to prune. Furthermore, in 

this paper we are utilized which kind of strategies and systems are utilized as a part of 

assessment mining and how to tackle the issue. The feeling of the client audit is examined to 

know the state of mind of the client and to know the item rank. Conclusion emulating is a rising 

field of information mining used to concentrate the pearl learning from colossal volume of client 

remarks, criticism and surveys on any item or theme and so on. A considerable measure of work 

has been directed to mine sentiments in type of report, sentence and highlight level estimation 

investigation It is analyzed that now supposition mining pattern is moving to the wistful surveys 

of  information, remarks  In future, Opinion Mining can be completed on an arrangement of 

audits and set of found highlight articulations extricated from audits. The condition of-

craftsmanship for current routines, helpful for delivering better synopsis taking into account 

highlight based assessments as positive, negative or nonpartisan is the Expectation Maximization 

calculation in light of Naïve Bayesian is the most effective strategy. Highlight based sentiment 

mining and synopsis is testing field for specialists. It is valuable for people and in addition for 

association. There are numerous methodologies for it. At the same time, there is no computerized 

procedure that mines sentiments that are covered up between the lines. If there should be an 

occurrence of setting free highlight based assessment mining less work is finished. For highlight 

based feeling mining and outline diverse apparatuses like RapidMiner, WordNet, SentiWordNet, 

POSTagger, Crawlers and Parsers can be utilized 
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